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INTRODUCTION

The MacArthur Foundation launched the Safety and Justice Challenge (SJC) in 2015 to
reduce the over-reliance on jails across communities. This national initiative provides
funding and technical assistance to local sites to help them develop and implement
strategies to safely reduce jail populations, address racial and ethnic disparities, and
improve community safety. Currently, many SJC sites report evidence of racial and ethnic
disparities at different decision points in their case processing. However, SJC sites have less
information about how disparities at one individual decision point can impact disparities at
other subsequent decision points. That is, SJC sites understand the disparate outcomes at
individual points, but may require more understanding into how disparities at one point
affect the next and what drives these compounding, cumulative effects.

Racial disparities are widespread within the American criminal legal system, with racially
and ethnically minoritized individuals overrepresented at multiple intercepts of the criminal
legal system (Nembhard & Robin, 2021). Racial disparities are pervasive in arrest. One
study of federal pretrial found that Black defendants were 34% more likely to receive a
recommendation of pretrial detention than white defendants (Skeem et al., 2023). Previous
SJC research has found racial and ethnic disparities in several diversion programs across
SJC sites (Kutateladze et al., 2021). Although only 42% of Americans identify as a race or
ethnicity other than white, racially or ethnically minoritized individuals comprise 64% of the
prison population (Sawyer & Wagner, 2024). Black individuals are particularly
overrepresented in the criminal legal system: they constitute only 14% of U.S. population
(U.S. Census Bureau, 2023), but are incarcerated in state prisons at nearly five times the
rate of white individuals (Nellis, 2021). In all, Black individuals constitute 35% of U.S. jail and
prison populations (Sawyer & Wagner, 2024) and with longer average jail stays (Pew
Charitable Trusts, 2023). Latine individuals are also overrepresented; however, the true
scale of their overrepresentation is unknown because of measurement issues and limited
data on ethnicity (Eppler-Epstein et al., 2016). Overall, disparities for racially and ethnically
minoritized groups are driven by structural racism and systemic inequities (Alexander,
2010).

This report focuses on racial and ethnic disparities in San Francisco, California. This report
is part of a larger study of cumulative racial and ethnic disparities in San Francisco, CA,
Pima County, AZ, and New Orleans, LA [link here]. First, we provide an overview contextual
information for San Francisco and information about how an individual is processed
through their criminal legal system. Second, we describe the research design and data
sources used in San Francisco, including a detailed discussion on data quality limitations
that shaped our analytical approach. The results are presented for San Francisco across
arrest, pretrial release, diversion, case disposition and sentencing. We conclude with policy,
research, and practice recommendations.



Site Context for San Francisco

San Francisco, an SJC site since 2017, has been at the forefront of criminal justice reform
efforts, implementing numerous innovative programs aimed at reducing incarceration and
addressing racial disparities (Safety and Justice Challenge, 2025). Since and prior to joining
the SJC, San Francisco has prioritized data-driven approaches to understanding and
addressing systemic inequities. The San Francisco County Jail had a per capita incarceration
rate of Black people 17 times that of white people (Safety and Justice Challenge, 2025).
Additionally, young men of color had significantly longer lengths of stay in jail compared to
white individuals (Safety and Justice Challenge, 2025). Though racial disparities still persist,
San Francisco has seen improvement in disparities with a decreased number of Black
individuals incarcerated in their jail in 2025 compared to 2018 (Safety and Justice Challenge,
2025). However, ethnic disparities in jail population have worsened, with a higher number
of Latine individuals incarcerated in their jail in 2025 as compared to 2018 (Safety and
Justice Challenge, 2025).!

Overall, San Francisco has made substantial progress in reducing its jail population, and it
has successfully closed an older jail facility (Safety and Justice Challenge, 2025). San
Francisco implemented several key strategies to accomplish these goals.

The jurisdiction invested heavily in pretrial release and community-based alternatives to
pretrial detention (Safety and Justice Challenge, 2025). At the same time, these reforms
were bolstered by major statewide legal shifts that required courts to consider a
defendant's ability to pay before setting bail and prohibited reliance on a county bail
schedule (Buffin v. City & County of San Francisco, 2022; In re Humphrey, 2021).

The combination of San Francisco’s initiatives (within and beyond the SJC) and the state
legislation resulted in a sharp increase in the use of pretrial services, which provided judges
with more alternatives than just jail or release without supervision. The pretrial supervision
agency expanded significantly, growing from 30 staff members and a $2.5 million budget to
approximately 100 staff members and a $12 million budget, supporting thousands of
releases annually. Additionally, San Francisco validated the Public Safety Assessment (PSA)
tool in 2021 to improve data-driven decision-making for individuals who are detained
pretrial.

San Francisco also expanded community-based partnerships and explored new housing
resources to better support people who are system-involved (Safety and Justice Challenge,
2025). These resources are particularly targeted towards individuals who cycle through the
jail regularly, as well as individuals who are in a diversion program.

"Increased ethnic disparities could also be influenced by changes in the way ethnicity is recorded in data. It
is possible that ethnic disparities are actually decreasing, but they were not tracked as accurately in the past
due to administrative data limitations and practices.



Additionally, through its participation in the SJC, San Francisco increased interagency data-
sharing (Safety and Justice Challenge, 2025). Administrative datasets are often siloed within
agencies, which makes it difficult to conduct an analysis of outcomes across the full
criminal legal system (as is discussed in detail in this report). While the data are not yet to a
place of clean merging, a great deal of progress has been made.

DECISION POINTS

Across the three sites, the analysis aimed to focus on five major decision points in the
criminal legal process: 1) custodial arrest (versus citation) by law enforcement (excluded
from this analysis due to lack of data), 2) pretrial detention, 3) diversion, 4) case disposition,
and 5) sentencing. This section describes what those decision points are and how each site
differs in their approach to handling cases at these decision points. Understanding these
differences sets the point for understanding the results given the distinct demographic,
economic and policy contexts across the three jurisdictions.

FIGURE 1: DECISION POINTS ACROSS CASE PROCESSING PATHWAY

Decision Points across Case Processing
Pathway

Arrest
Decisions regarding custodial arrest versus
citation, offense severity, and charge type

Pretrial Decision

02 Decisions regarding whether an individual is detained
pretrial, assigned cash bail (and amount assigned if
applicable), or assigned to conditional release.

Diversion Decision
Decision as to whether individual is adjudicated to
a diversion program and type of diversion program.

Case Disposition
04 Disposition outcome, resolution by trial, plea
bargain, or dismissal

Sentencing Outcome
05 Type of sentence (custody, community, or other)
and sentence length

The first key decision point is arrest, which encompasses decisions regarding whether a
custodial arrest or citation is issued, the severity of the alleged offense, and the specific
type of charge imposed. This decision point is excluded from the San Francisco analysis
due to lack of data.



The second decision point is the pretrial decision. At this initial appearance, the court
makes preliminary determinations regarding pretrial release, including whether an
individual will be detained, assigned a cash bail and its amount, or released on their own
recognizance with or without conditions such as pretrial monitoring or supervision. In this
analysis, we operationalize pretrial detention within the context of monetary bail and
length of jail stay pretrial. A longer length of pretrial detention or higher associated bail
amount are considered the more punitive outcome in this analysis, as opposed to citations.
Pretrial detention has major implications for the case overall, with individuals who are
detained pretrial more likely to accept a plea deal than those who are released pretrial
(Dobbie et al., 2018). Once an individual is arrested and booked into jail, they must appear
before a judge for an initial appearance. Each of the three sites maintains its own rules and
statutory guidelines about who can secure release from jail prior to subsequent hearings
and under what conditions (Safety and Justice Challenge, 2022).

The third decision point is the diversion decision: whether an individual is approved into an
alternative program that removes them from traditional case processing for a diversion
program. Diversion programs provide services under court supervision while cases are still
pending, either pre- or post-charge. Drug courts and mental health courts are frequent
examples of diversion programs, in which someone enters a program where they receive
specialized treatment services and compliance with treatment and court supervision leads
to a case being dismissed. Diversion programs typically target people with low-level
offenses and/or specific populations who may need targeted, specialized support (e.g.,
individuals with mental health or substance use conditions, victims of domestic violence,
veterans).

In San Francisco, defendants can receive referrals to Collaborative Courts or other
diversion programs (Augustine et al., 2022; San Francisco District Attorney, 2025a; San
Francisco District Attorney, 2025b). While some programs divert cases prior to filing, such
as Neighborhood Courts, referrals to San Francisco’s more intensive Collaborative Court
diversion programs occur post-filing (Augustine et al., 2022; San Francisco District Attorney,
2025a; San Francisco District Attorney, 2025b).

The fourth decision point is case disposition: the outcome of the case determining whether
the charges result in conviction. This pivotal decision point precedes sentencing and
represents a culmination of earlier decisions in the case processing pathway: cases cannot
reach disposition without arrest, pretrial processing, and charging. The disposition,
therefore, is a particularly important decision point for analyzing compounding racial
disparities Convictions carry severe consequences beyond sentencing—a conviction on
one’s record significantly impacts eligibility for public benefits, access to housing, and
employment opportunities, among other barriers. Additionally, the number of charges
someone resulting in conviction directly affects sentencing and future opportunities
reflecting earlier charging decisions. Across the United States, including these three
jurisdictions, the vast majority of cases are resolved through plea agreements, through



which individuals exchange a guilty plea to one or more charges for a more lenient
sentence or dropped charges (e.g., Johnson, 2023; Subramanian et al., 2020).

Finally, sentencing outcomes address the type of sentence handed down: custodial or
community-based. Incarceration is far more restrictive than community supervision,
making it the more severe outcome of the sentencing decision point. While community
supervision imposes conditions such as drug testing, housing and treatment, individuals
retain considerably more freedom than individuals who are incarcerated. Disproportionate
incarceration sentences for historically minoritized individuals signal racial disparities in the
case processing pathway, particularly since disparities at earlier decision points can
compound to produce harsher sentences.

There are, of course, other key decision points in the criminal legal system process beyond
this framework and analysis. Data limitations prohibited us from analyzing each of the
above decision points in each of the sites, as discussed in greater detail below.

RESEARCH DESIGN & DATA

A total of 19,308 cases booked into the San Francisco County Jail had complete
demographic information. The date range encompassed individuals booked from April 1,
2015, through October 31, 2023. The data provided by SJC only captured custodial arrests
through jail bookings; thus, all cases in our analyses involved formal arrest rather than
citation release, and all cases had charges filed by the District Attorney in San Francisco.



Pathway Analysis Sample

The pathway analysis required complete data across all decision points (pretrial detention,
diversion, case disposition, and sentencing). Of the 19,308 individuals with complete
demographic information, 11,111 individuals (57.5%) had complete case processing data
across all decision points and were included in the pathway analysis. The remaining 8,197
cases (42.5%) were excluded from pathway analysis due to incomplete case processing
information, including pending cases, cases with missing disposition data, or cases that
exited the system at points not captured in our pathway structure (e.g., diversion programs
that are not reflected in datasets).

Out of the 11,111 individuals in the pathway analysis sample, the average age 35.3 years
(SD = 11.7) and most individuals were male (85.4%). The racial and ethnic distribution was:
35.6% Black (n = 4,520), 29.6% Latine (n = 3,762), 27.4% White (n = 3,482), 7.1% Asian/Pacific
Islander (n = 906), and 0.3% American Indian/Alaska Native (n = 38). All individuals had
criminal charges filed, with an average of 4.9 charges per booking (SD = 6.1). Criminal
history, defined as any prior violation (probation or parole) or active warrant, was present
in 0.4% of cases. However, the overall dataset showed 13.5% of cases with criminal history
when including active warrants (12.7%) and parole violations (0.8%). The booking in these
cases did not reflect the first booking within the case (because the case typically needed to
already be open to have a warrant related to it), and therefore were excluded because the
pathway analysis focuses on the first booking and first processing through the system.
Without law enforcement data, prior arrest was not an available indicator of recidivism,
and data limited the ability to reliably match on prior conviction because of challenges in
matching bookings to cases.

Independent variable

Race and ethnicity were coded from the jail booking dataset into mutually exclusive
categories: non-Latine White (reference category), non-Latine Black, Latine (combining all
Latine subgroups), Asian/Pacific Islander (API), American Indian/Alaska Native (AIAN), and
Other. All cases with unknown race/ethnicity were excluded from analyses, as this was the
primary independent variable of interest.

Outcomes by Decision Point

Pretrial Decision: Whether the individual was detained in jail (i.e., pretrial detention)
following arrest (operationalized as length of stay > 0 days).

Diversion Decision: Whether the case was adjudicated to a diversion program.

Case Disposition: Whether the case resulted in conviction among those not diverted.



Sentencing: Whether convicted individuals received incarceration versus community

supervision.

Pathway Classification

Given data constraints and the universal filing of charges, we identified eight empirically

observed pathways through the system (See Figure 2):

FIGURE 2 PATHWAY CLASSIFICATION

Detained
(n=9,609)

Full Sample
(n=11,111)

Released
(n=1,502)

-

Pretrial

Diverted
(n=2,457)

Not Diverted
(n=7,152)

Diverted
(n=508)

Not Diverted
(n=994)

Diversion

Dismissed
(n=2,193)

Convicted
(n=4,959)

Dismissed
(n=292)

Convicted
(n=702)

Disposition

Community
Supervision
(n=326)

Incarceration
(n=4,633)

Community
Supervision
(n=63)

Incarceration
(n=639)

Sentencing

Released->Diverted (Least Restrictive): n=508; 4.6% of sample

Released->Not Diverted->Not Convicted: n=292; 2.6% of sample
Released->Not Diverted->Convicted->No Jail: n=63; 0.6% of sample
Detained->Diverted: n=2,457; 22.1% of sample
Released->Not Diverted->Convicted-Jail: n=639; 5.8% of sample
Detained->Not Diverted->Not Convicted: n=2,193; 19.7% of sample
Detained->Not Diverted->Convicted->No Jail: n=326; 2.9% of sample
Detained->Not Diverted->Convicted->Jail (Most Restrictive): n=4,633; 41.7% of sample

Control Variables

Models included demographic controls (age at arrest, sex), case characteristics (charge

severity (felony/misdemeanor), number of charges), and criminal history indicators.

Criminal history was operationalized as a binary variable indicating any prior violations

(parole violations present in 0.8% of cases) or active warrants (12.7% of cases).




Pretrial Detention Measures

Due to absence of bail data in both the jail and pretrial datasets, we focused on detention
length as the primary pretrial disparity measure. We calculated the length using admission
and release data. Among cases with valid detention data, the mean length of stay was 24.4
days (median = 4.0 days, SD = 83.6 days). Detention was categorized as: not detained or
immediate release (12.0%), brief (1-2 days, 24.7%), short (3-7 days, 28.0%), moderate (8-30
days, 18.8%), and extended (>30 days, 16.6%).

We used R version 4.3.0, and the following packages: tidyverse for data manipulation, nnet
for multinominal regression, broom for model summaries, and ggplot2 for visualization. All
models used robust standard errors to account for heteroskedasticity. The analysis
generated both multinominal and binary logistic regression analyses comparing pathway
outcomes. Binary models examined: (1) worst outcome (detained-convicted-jail) versus all
others, and (2) best outcome (diverted) versus all others among those charged.

For the logistic regression models, white individuals served as the reference group.

logit(P(Y = 1)) = Bo + P1Race + B,Gender + BsAge + BsChargeSeverity + BsNumCharges +
BeCrimHistory + B;Warrant + BsCOVID

where X represents the vector of control variables. Sample sizes for each model were:
detention (n = 19,308), diversion (n = 19,308), conviction among non-diverted (n = 16,357),
and incarceration among convicted (n = 7,478). Predicted probabilities were calculated for
each racial/ethnic group at mean values of all covariates using marginal standardization.
This approach provides the expected probability of each outcome if all individuals had the
average characteristics of the sample expect for race/ethnicity.

The multinominal logistic regression model consists of four outcomes: not convicted
(reference category), diverted, convicted without incarceration, convicted with
incarceration. We created 8 possible pathways ranging from the most lenient (released to
diverted) to the most restrictive (detained- not diverted-convicted- incarcerated). Each
pathway shows a distinct trajectory through the criminal legal system. We estimated a
multinomial logistic regression model predicting the 8 different pathways.

log(P(Yi = j)/P(Yi = baseline)) = Bo j + B1 j-Racei + 3, j-Xi

Where j indexes pathways, baseline is the reference pathway, and X represents control
variables (age, gender, charge severity, criminal history, warrants, COVID period). This
approach simultaneously models all pathway probabilities while accounting for their
interdependence.

SAN FRANCISCO FINDINGS

Each decision point models the likelihood of a specific outcome (e.g., being detained
pretrial, receiving diversion, being convicted, or sentenced to incarceration). Results are



shown as odds ratios (OR), which indicate how each variable affects the odds of the
outcome while holding all other variables constant.

Table 1 displays the results from the logistic regression analyses examining outcomes
within four key decision points: pretrial decision, diversion decision, case disposition, and
sentencing. The models control for the following variables: legal factors (charge severity,
number of charges, criminal history, outstanding warrants) and demographic
characteristics (gender, age) as well as temporal effects related to the COVID-19 pandemic.

Pretrial Decision

The first decision point in the San Francisco analysis, the pretrial decision, is
operationalized by examining pretrial detention length. Pretrial detention length showed
notable differences in pretrial detention decisions by racial and ethnic groups. Black
individuals had 41% higher odds of being detained (as defined by length of stay) compared
to white individuals (OR = 1.41, p <.001), controlling for legal and demographic factors. In
contrast, Latine individuals had 15% lower odds of detention relative to white individuals
(OR =0.85, p =.003), while Asian/Pacific Islander (API) individuals showed 31% lower odds
of detention (OR = 0.69, p <.001).

Legal factors are strongly associated with pretrial detention. Individuals with outstanding
warrants had a higher odds of detention, while misdemeanor charges were associated with
80% lower odds of detention compared to felony charges (Demuth, 2003). Contrary to
these prior findings, in San Francisco, individuals with prior felonies had a lower odds of
detention when compared to individuals with misdemeanor charges. This could be because
prior criminal history only examined prior arrests within our dataset contained only arrests
and convictions from April 1, 2015 to October 31, 2023, potentially missing prior offenses
from other jurisdictions or earlier time periods. Additionally, many of those with more
serious criminal history may have remained incarcerated for their sentenced conviction
and therefore would not appear in the dataset as prior criminal history. The COVID-19
period was associated with 21% lower odds of detention (OR =0.79, p <.001), reflecting
policy efforts to reduce jail populations during the pandemic.

Diversion Decision

For diversion outcomes, Black individuals had 14% lower odds (OR = 0.86, p=.004) of
receiving diversion compared to white individuals, while Latine, AIAN, and API individuals
did not differ significantly from white individuals. There were notable gender differences
that emerged, with males having 40% lower odds of diversion eligibility compared to
females (OR = 0.60, p <.001), which is consistent on other research about gender
differences in less punitive case outcomes (Fernando Rodriguez et al., 2006). Also, legal
factors showed relationships in the expected direction, for instance those with
misdemeanor charges had more than double the odds of receiving diversion compared to
individuals with felony charges. Individuals with criminal histories had a much lower odds
of diversion (OR = 0.14, p = .049). Diversion is a notable off-ramp to later points in the



criminal legal system which, even with less punitive outcomes, typically require greater
criminal legal system contact. Therefore, disparities by race and gender point to loss of
access of this important access point. Notably, due to data limitations in matching
individuals who appear in both the jail and court datasets, we are likely undercounting the
number of individuals who receive pre-charge diversion, such as through San Francisco’s
Neighborhood Court diversion programs.

Case Disposition

The outcomes at the case disposition decision point, or conviction, phase showed minimal
racial disparities, with most groups showing either no difference or lower odds of
conviction compared to white defendants. Black defendants had slightly lower odds of
conviction (OR =0.92, p =.039), Latine defendants had 24% lower odds (OR = 0.76, p <
.001), and API defendants had 14% lower odds (OR = 0.86, p =.019). AIAN defendants
showed the largest difference with 54% lower odds of conviction (OR = 0.46, p =.011),
though this finding should be interpreted cautiously given the typically small sample size
for this group. In the diversion decision point, we found that white individuals are more
likely to be diverted at earlier points in the process; therefore, those who proceed to this
point in the criminal legal system process are likely those who were not eligible for less
punitive decision points earlier in the case processing pathway.

Gender differences were significant, with male defendants having 33% higher odds of
conviction than female defendants (OR = 1.33, p <.001). Legal factors showed strong
associations: cases with misdemeanor charges had 22% lower odds of conviction than
felonies (OR =0.78, p <.001), while each additional charge increased conviction odds by 4%
(OR =1.04, p <.001). Individuals with criminal history had dramatically lower odds of
conviction (OR=0.13, p <.001), possibly reflecting prosecutorial charging decisions or plea
bargaining dynamics. Outstanding warrants substantially increased conviction odds (OR =
7.55, p <.001). The COVID-19 period was associated with 66% lower odds of conviction (OR
=0.34, p <.001), likely due to court delays and case processing changes.

Sentencing

Finally, at the final point, none of the racial/ethnic groups differed from white individuals in
odds of receiving an incarceration sentence, with the exception of marginally significant
effect for Latine individuals!(OR = 0.88, p =.067). Gender was also non-significant at this
point (OR = 1.06, p = .443). Cases with misdemeanor charges were associated with 24%
higher odds of incarceration compared to felony charges (OR = 1.24, p = .004), which may
reflect differential use of alternatives to incarceration for felony versus misdemeanor
cases. Age showed a small but significant effect, with each year of age associated with 1%
higher odds of incarceration (OR = 1.01, p <.001). The COVID-19 period was associated with



22% lower odds of incarceration (OR = 0.78, p <.001), consistent with efforts to reduce
prison populations during the pandemic.

Table 2 breaks these findings into predicted probabilities. The probability of pretrial
detention ranged from 68.4% (Asian/Pacific Islander) to 81.6% (Black), a 13.2 percentage
point spread. Diversion probabilities were low across all groups (1.3-1.7%), showing a data
issue and not a notable finding. This is likely due to data limitations in matching individuals
who appear in both the jail and court datasets, which leads to an undercount in the
number of individuals who receive pre-charge diversion, such as through San Francisco’s
Neighborhood Court diversion programs.

Conviction probabilities showed historically minoritized groups at lower risk, with white
individuals at 15.8% compared to 7.9% for American Indian/Alaska Native individuals.
Among those convicted, incarceration was near-certain regardless of race (74-86%
probability).

Table 3 presents Average Marginal Effects (AME's) breaking down the percentage point
change in outcomes attributable to race. Black defendants experienced a 3.87 percentage
point increase in detention probability (p <.001) and 1.91 percentage point decrease in
diversion probability (p = .004). The largest effect emerged for American Indian/Alaska
Native defendants in conviction models, with a 17.09 percentage point reduction (p =.011).



Table 1. Logistic Regression Results Across Criminal Legal System Decision Points in San Francisco

Predictor OR P OR P OR P OR P
(Detention) (Detention) (Diversion) (Diversion)  (Conviction) (Conviction) (Sentencing) (Sentencing)
Intercept 493 <.0071*** 0.26 <.001*** 1.10 0.207 2.04 <.001***
Black (vs. White) 1.41 <.001*** 0.86 0.004** 0.92 0.039* 1.00 0.975
Latine (vs. White) 0.85 0.003** 0.97 0.630 0.76 <.0071*** 0.88 0.067t1
AIAN (vs. White) 1.05 0.888 1.16 0.643 0.46 0.011* 0.48 0.166
API (vs. White) 0.69 <.0071*** 1.14 0.113 0.86 0.019* 0.88 0.271
Male (vs. Female) 1.12 0.053t 0.60 <.001*** 1.33 <.0071*** 1.06 0.443
Age 1.01 <.001*** 1.00 0.570 1.00 0.008** 1.01 <.001***
Charge Severity 0.20 <.001*** 2.07 <.001*** 0.78 <.0071*** 1.24 0.004**
Number of Charges 1.01 0.0811 0.88 <.001*** 1.04 <.0071*** 0.99 <.001***
Criminal History 0.37 0.001** 0.14 0.049* 0.13 <.0071*** 1.92 0.547
Outstanding Warrant 16.58 <.0071*** 10.61 0.020* 7.55 <.0071*** 0.24 0.184
COVID Period 0.79 <.0071*** 1.68 <.001*** 0.34 <.0071*** 0.78 <.0071***

*** p<.001; ** p<.01; * p<.05; t< p<.10



Table 2. Predicted Probabilities Across Criminal Legal System Decision Points by Race/Ethnicity in San Francisco

Prob % Diff Prob % Diff Prob % Diff Prob % Diff

Race
(Detention) (Detention) (Diversion) (Diversion) (Conviction) (Conviction) (Sentencing) (Sentencing)

AIAN 76.80 0.90 1.70 0.20 7.90 -7.90 74.00 -11.70
API 68.40 -7.50 1.70 0.20 13.90 -1.90 84.10 -1.60
Black 81.60 5.70 1.30 -0.20 14.80 -1.00 85.60 -0.10
Latine 72.70 -3.20 1.50 0.00 12.50 -3.30 84.00 -1.70
White 75.90 0.00 1.50 0.00 15.80 0.00 85.70 0.00

Note. Predicted probabilities are calculated for a typical case: male, median age, median number of charges, has criminal history, no outstanding
warrant, pre-COVID period, most common charge severity. Incarceration sentence probabilities are for convicted cases only. Diff = Difference from White
(percentage points).



Table 3. Average Marginal Effects Across Criminal Legal System Decision Points in San Francisco

AME AME AME
Variable p p AME Conviction p p
Detention Diversion Sentencing
AIAN (vs. White) 0.53 0.888 1.85 0.643 -17.09 0.011* -14.95 0.166
API (vs. White) -4.24 <.0071*** 1.60 0.113 -3.39 0.019* -2.46 0.271
Black (vs. White) 3.87 <.0071*** -1.91 0.004** -1.78 0.039* -0.04 0.975
Latine (vs. White) -1.88 0.003** -0.33 0.630 -5.99 <.0071*** -2.61 0.066t1

*** p<.001; ** p<.01; * p<.05; t< p<.10



As mentioned previously, prior literature has examined disparities at individual criminal justice
decision points, but less attention has been paid to how these decisions combine into pathways
that shape ultimate case outcomes.

Decision Point Specific Disparities

Figure 3 shows predicted probabilities across outcomes at key decision points in the criminal
legal system, adjusting for charge severity, criminal history, outstanding warrants, and the
COVID-19 period. This allows us to see the likelihood of one of the outcomes occurring, and
how different factors might adjust those likelihoods. These analyses reveal decision point-
specific patterns of racial and ethnic disparities that compound to produce the cumulative
outcomes described above. The chart below demonstrates the percentage likelihood of an
outcome (i.e., detention, diversion, conviction, incarceration) occurring.

FIGURE 3: PREDICTED PROBABILITIES OF OUTCOME OCCURRENCE ACROSS DECISION POINTS
BY RACE/ETHNICITY
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1.! Pretrial Detention



At the initial pretrial detention decision, as indicated by pretrial detention length, moderate
disparities emerged in the likelihood of being detained among those with custodial bookings.
Black individuals exhibited the highest predicted probability of pretrial detention (94.4%, 95% Cl
[93.8%, 95.0%]), followed by white individuals (93.2%, 95% CI [92.6%, 93.8%]). Latine (91.1%,
95% CI [90.4%, 91.8%]) and AIAN individuals (90.7%, 95% CI [89.9%, 91.5%]) demonstrated
moderately lower detention probabilities, while API individuals showed the lowest predicted
probability (87.0%, 95% CI [85.3%, 88.7%]). This indicates that the likelihood of detention is
highest for Black individuals, but that the racial differences between Black and white individuals
are not dramatic at this point. However, as the first decision point, we expect decisions on
pretrial detention to compound across the system, meaning that a small difference at this point
may translate to a bigger disparity later in the process.

Marginal effects. Compared to white individuals, Black individuals faced a 2.5 percentage point
higher probability of pretrial detention (AME = 0.025, 95% CI [0.018, 0.032], p <.001),
representing a statistically significant disparity even after adjusting for case characteristics and
risk factors. Conversely, APl individuals experienced a 2.7 percentage point lower probability
(AME =-0.027, 95% CI [-0.034, -0.020], p < .001), while Latine individuals showed a modest
reduction (AME =-0.012, 95% CI [-0.018, -0.006], p < .001). AIAN individuals demonstrated no
significant difference from white individuals at this point (AME = 0.003, 95% CI [-0.035, 0.041], p
=.872). Notably, without arrest data on custodial versus non-custodial arrest, we cannot
determine whether racial disparities occurred among who was booked into jail in the first point,
meaning that pretrial detention may have unseen disparities.

2.! Diversion

Predicted probabilities. Among individuals who were charged, diversion rates remained
relatively low across all racial/ethnic groups (8-12%). API individuals exhibited the highest
predicted probability of diversion (11.1%, 95% CI [9.8%, 12.4%]), followed by AIAN (10.1%, 95%
Cl [4.2%, 16.0%]) and Latine individuals (9.1%, 95% CI [8.3%, 9.9%]). Black individuals showed
the lowest diversion probability (7.7%, 95% CI [7.1%, 8.3%]), while white individuals fell slightly
above this at 8.8% (95% CI [8.1%, 9.5%]). The marginal effects show that Black individuals faced
a statistically significant 1.1 percentage point reduction in diversion probability compared to
white individuals (AME =-0.011, 95% CI [-0.018, -0.004], p = .002). API individuals demonstrated
a modest but non-significant increase (AME = 0.014, 95% CI [-0.001, 0.029], p =.061). AIAN
individuals showed a positive effect (AME = 0.013, 95% CI [-0.046, 0.072]), though the wide
confidence interval reflects the small sample size and prevents definitive conclusions. Latine
individuals exhibited no significant difference from white individuals (AME = -0.002, 95% ClI [-
0.008, 0.004], p = .562).

3. Conviction

Predicted probabilities. Among individuals not diverted, predicted conviction probabilities
ranged from 30.5% to 49.9%. White individuals demonstrated the highest conviction probability
(49.9%, 95% CI [48.7%, 51.1%)]), followed by API (47.8%, 95% Cl [45.4%, 50.2%]) and Black
individuals (46.7%, 95% CI [45.5%, 47.9%]). Latine individuals showed a moderately lower
probability (43.7%, 95% ClI [42.4%, 45.0%]), while AIAN individuals exhibited the lowest predicted
probability of conviction (30.5%, 95% ClI [16.5%, 44.5%]). White individuals showed the highest



likelihood of conviction, which may signal positive movement towards reducing racial
disparities, as well as potential earlier disparities (such as at arrest) that were not detected and
instead led to only white individuals with more serious offenses reaching that point of the
criminal legal system. However, this is a promising trend that suggests successful work to
address disparities.

Marginal effects. Relative to white individuals, Black individuals faced a 2.1 percentage point
lower probability of conviction (AME =-0.021, 95% ClI [-0.034, -0.008], p = .001), as did Latine
individuals (AME =-0.076, 95% CI [-0.091, -0.061], p <.001). AIAN individuals demonstrated a
substantial 21.5 percentage point reduction (AME =-0.215, 95% ClI [-0.355, -0.075], p = .003),
though again the wide confidence interval reflects sample size limitations. API individuals
showed no significant difference (AME =-0.016, 95% CI [-0.040, 0.008], p =.184). The lower
probability of conviction for Black individuals is somewhat counterintuitive; however, it could
point back to the earlier racial disparities that have allowed more white individuals off-ramps
out of the system than white individuals, such that the white individuals who are at this point
are being processed for more serious offenses.

4.! Sentence of Incarceration

Predicted probabilities. Among convicted individuals, incarceration probabilities converged
more closely across groups, ranging from 54.5% to 72.1%. White and API individuals exhibited
the highest predicted probabilities (72.1%, 95% CI [70.7%, 73.5%] and 71.3%, 95% CI [68.5%,
74.1%], respectively). Black individuals showed a slightly lower probability (69.4%, 95% Cl
[67.9%, 70.9%]), followed by Latine individuals (68.2%, 95% CI [66.6%, 69.8%]). AIAN individuals
demonstrated the lowest predicted probability (54.5%, 95% CI [25.5%, 83.5%]), though the
extremely wide confidence interval indicates substantial uncertainty. Similar to conviction, this
could reflect a trend that positively addresses Black/white racial disparities, or a potentially
undetected disparity that happens earlier in the process.

Marginal effects. No racial or ethnic group demonstrated statistically significant differences
from white individuals in incarceration probability following conviction. Black individuals
showed a modest non-significant reduction (AME =-0.002, 95% CI [-0.018, 0.014], p = .815), as
did Latine individuals (AME = -0.023, 95% CI [-0.040, -0.006], p = .009). API individuals exhibited
virtually no difference (AME =-0.019, 95% CI [-0.048, 0.010], p = .195). AIAN individuals showed a
substantial but highly uncertain effect (AME =-0.176, 95% CI [-0.434, 0.082], p =.180) that did
not reach statistical significance.

This analysis finds that while there are racial disparities between Black and white individuals
across the points of the criminal legal system, they are typically modest and at times not
statistically significant. However, focusing solely on race in isolation does not allow us to
capture the inequalities that emerge at the intersection of race and gender. Intersectionality is
important because individuals do not experience the criminal legal system based on race alone.
White aggregate racial comparisons may suggest limited disparities; intersectional analyses
may reveal that specific subgroups may face different pathways and outcomes within the
criminal legal system.

FIGURE 4: INTERSECTIONAL COMPARISON: BLACK vS. WHITE BY SEX: PREDICTED
PROBABILITIES OF OUTCOME OCCURRENCE AT EACH DECISION POINT
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Figure 4 shows the intersectional comparison between race and gender for Black and white
individuals. At almost every decision point, men have worse outcomes than women,
regardless of race. For pretrial detention, Black men have the highest probability at 82.7%,
followed by Black women (77.7%), White men (75.2%), and White women (69.3%). This
gender gap is especially pronounced when examining diversion, where Black men have
only a 5.4% probability compared to 9.2% for Black women, and White men have a 6.6%
probability compared to 9.6% for White women. Black women tend to experience slightly
worse outcomes than White women, particularly at diversion (9.2% vs. 9.6%) and
incarceration (47.8% vs. 50.4%), though interestingly, Black women have lower
incarceration probabilities than both groups of men. For incarceration, White men (56.7%)
and Black men (56.5%) higher probabilities compared to White women (50.4%) and Black
women (47.8%). Overall, small gaps at earlier decision points, such as diversion, translate
into higher conviction and incarceration probabilities, particularly for men.



FIGURE 5: INTERSECTIONAL ODDS RATIOS OF OUTCOME OCCURRENCE: BLACK AND WHITE
(REFERENCE WHITE MALE) CONTROLLING FOR AGE, CHARGE SEVERITY AND CRIMINAL HISTORY

Odds Ratios of Decision Point Outcomes by Race and Sex
Reference Group: White Males (OR = 1.0)
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In Figure 5, we calculated odds ratios for white females, Black males, and Black females at
each decision point, controlling for age, charge severity, and criminal history. Black males
had 1.39 times the odds (95% CI: 1.23-1.57, p <.001) of pretrial detention compared to
White males. Black females had 1.19 times the odds (95% Cl: 0.98-1.45, p = .084) of pretrial
detention. In contrast, White females had significantly lower odds of pretrial detention at
0.73 (95% Cl: 0.60-0.89, p =.002) compared to White males. At the diversion point, both
White females (OR = 1.41, 95% Cl: 1.15-1.71, p <.001) and Black females (OR = 1.45, 95% Cl:
1.22-1.71, p <.001) had significantly higher odds of being diverted compared to White
males. Black males, conversely, had significantly lower odds of diversion (OR = 0.80, 95% Cl:
0.71-0.90, p <.001).

Black males had significantly lower odds of conviction (OR = 0.85, 95% CI: 0.78-0.93, p <
.001) compared to White males, as did Black females (OR = 0.79, 95% Cl: 0.69-0.92, p =
.002). White females also had lower odds of conviction (OR = 0.85, 95% Cl: 0.71-1.01, p =
.065). These findings suggest that the disadvantages experienced by Black individuals at
earlier decision points (particularly pretrial detention) may not translate into higher
conviction rates. This could reflect case dismissals, plea negotiations, or other factors that
mediate the relationship between pretrial status and case outcomes. Finally, among those
convicted, odds of incarceration did not differ significantly by race or sex (White females:
OR =0.91, 95% Cl: 0.64-1.30, p = .604; Black males: OR = 1.07, 95% Cl: 0.90-1.27, p = .439;
Black females: OR = 1.45, 95% Cl: 1.20-1.76, p <.001). This convergence in sentencing
outcomes suggests that disparities observed earlier in case processing do not necessarily



result in differential incarceration rates once individuals are convicted, though disparities in
pretrial detention and diversion may have already shaped case trajectories.

However, while this shows the overall outcomes at each point, it does not examine the
pathways of who arrives at each point and how. Next, we examine eight pathways and their
distribution within San Francisco.

Examining the Full Distribution of Pathways - “Zooming In”
FIGURE 6: PATHWAY DISTRIBUTION ACROSS SAN FRANCISCO'S CRIMINAL LEGAL SYSTEM!

Detained- Not Diverted- Convicted - Incarcerated (Most Restrictive)

Released - Not Diverted- Not Convicted

Released - Diverted (Least Restrictive)

PATHWAY DISTRIBUTION

While the preceding analysis in San Francisco focused on the most and least restrictive
pathways to illustrate cumulative disparities at the extremes, individuals in the criminal
legal system proceed through a broader range of possible trajectories. To provide a better
look at how disparities manifest across the full spectrum of case outcomes, we now
examine the probability distribution across all eight major pathways, ranked from least to
most restrictive (Pathway 1 to Pathway 8, respectively). This analysis reveals that disparities
are not confined to the least or most restrictive pathways of the system but are evident
across intermediate pathways as well. Figure 7 presents the predicted probability of each
pathway by race and ethnicity, allowing us to identify not only where disparities are most
pronounced, but also which pathways are most commonly experienced by different
groups. This approach moves beyond binary comparisons to examine the full complexity of
how cases flow through the system and how racial and ethnic groups differentially navigate
these multiple possible trajectories.!



FIGURE 7: PREDICTED PROBABILITIES BY RACE!
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Figure 7 shows that the most frequent pathway across all racial/ethnic groups is for
individuals who were Detained ¥ Not Diverted ¥ Not Convicted (Pathway 6) (approximately
40% of the sample). This shows that, although pretrial detention is a common outcome to
the pretrial decision point, approximately 40% of individuals ultimately have their cases
dismissed rather than result in conviction at the case disposition stage. And the least
restrictive pathway Released ¥ Diverted (Pathway 1) shows the largest disparities: white
individuals have a 2.4% probability of being released, then diverted compared to 1.5% for
Black individuals. Asian/Pacific Islander individuals show the highest probability at 4.0%,
while American Indian/Alaska Native individuals fall between at 4.4%. This finding suggests
that Black individuals face systematically lower access to the combination of pretrial
release and diversion programs compared to other groups.

Next, We examine cumulative probabilities of experiencing different pathways through the
criminal legal system, adjusting for charge severity, criminal history, outstanding warrants,
and the COVID-19 period. Figure 8 presents the predicted cumulative probability of two key
pathways: the least restrictive route (released pretrial ¥ diverted from prosecution) and
the most restrictive route (detained pretrial ¥ not diverted ¥ convicted ¥ incarcerated).



FIGURE 8: CUMULATIVE PROBABILITY OF DIFFERENT PATHWAYS BY RACE/ETHNICITY ADJUSTED
FOR CASE SEVERITY, CRIMINAL HISTORY, WARRANTS AND COVID-19 PERIOD
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In Figure 8, the cumulative probability of experiencing the most restrictive pathway
(detained pretrial ¥ not diverted ¥ convicted ¥ incarcerated) revealed some variation
across racial and ethnic groups. Black and white individuals exhibited nearly identical
probabilities of traversing this most punitive pathway (25.9% and 26.0%, respectively).
Latine individuals demonstrated a moderately lower cumulative probability (19.3%), while
AIAN individuals showed the lowest probability of any group (11.5%). APl individuals fell
between these extremes at 21.1%. The probability of experiencing the least restrictive
pathway (released pretrial ¥ diverted from prosecution) demonstrated even greater
disparities. AIAN individuals had the highest cumulative probability of this favorable
outcome (4.4%), followed by API individuals (4.0%). white and Latine individuals
experienced similar probabilities (2.4% and 2.7%, respectively), while Black individuals had
lower access to this pathway (1.5%).

This model above was not able to produce reliable estimation for American Indian/Alaska
Native (AIAN) individuals due to small sample sizes, as well as convergence issues related to
the warrant and criminal history variables. Therefore, while we present all available
estimates to provide context, we focus our interpretation on patterns across white
(intersectional), Black (intersectional), Latine, and Asian/Pacific Islander groups where
model estimation was more stable in Table 4.



In Table 4, Black males experienced disparities in pretrial release decisions compared to
white males. Across all pretrial release pathways, Black males had 42-52% lower odds of
release (ORs ranged from 0.52 to 0.67, all p <.001), showing that Black males were
significantly more likely to be detained pretrial even after controlling for charge type, age,
and time period.!Among White individuals, females had 26% lower odds of the most
punitive pathway (detained + convicted + incarcerated; OR = 0.74, p <.001) compared to
males.lintersectional analysis revealed that the intersection of race and gender created
distinct patterns of disparity. While both Black males and Black females faced lower odds of
certain release pathways compared to White males, Black females were significantly more
likely to be diverted while detained (OR = 1.24, p <.05), whereas Black males were less
likely to receive this option (OR =0.76, p <.001).

These results provide empirical support for cumulative disadvantage theory (Zane et al.,
2022), demonstrating how racial and ethnic disparities at individual decision points
aggregate across the criminal legal system. The multiplicative nature of these disparities
where inequities at pretrial detention, diversion eligibility, conviction, and sentencing
points compound produces substantially different cumulative probabilities of system
outcomes by race and ethnicity, even after controlling for case characteristics and temporal
effects.
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) Released ¥ Released ¥ Released ¥ Detained ¥ Detained ¥ Detained ¥ Detained ¥
Predictor Diverted Conv¥inc Conv ¥ Not Inc Diverted Conv ¥inc Conv ¥ Not Inc Not Conv
Race/Ethnicity

White Eernale 1.42 0.94 1.07 1.24 1.15 0.74** 0.76
[0.99, 2.04] [0.65, 1.34] [0.65, 1.76] [0.88, 1.73] [0.90, 1.48] [0.59, 0.93] [0.56, 1.04]
1.02 0.52*** 0.58* 1.15 1.24* 0.74** 0.97
Black Female
[0.73, 1.44] [0.36, 0.75] [0.35, 0.97] [0.86, 1.53] [1.01, 1.54] [0.61, 0.90] [0.76, 1.23]
Black Male 0.58*** 0.52*%** 0.63** 0.67*** 0.76*** 0.91 0.90
[0.46, 0.74] [0.42, 0.64] [0.47, 0.84] [0.55, 0.82] [0.66, 0.87] [0.82, 1.02] [0.77,1.05]
Latine 0.97 1.06 0.83 1.28%* 0.86* 0.72%** 0.92
[0.78, 1.21] [0.87, 1.29] [0.62, 1.10] [1.06, 1.54] [0.75, 0.99] [0.64, 0.80] [0.79, 1.07]
AP 1.35 1.13 0.92 0.95 1.07 0.73*%** 0.93
[1.00, 1.83] [0.86, 1.50] [0.60, 1.41] [0.71, 1.28] [0.87, 1.31] [0.61, 0.87] [0.73,1.17]
Legal Factors
Misdemeanor 2.34%%* 2.46%*%* 1.40* 1.20* 2.89%** 0.67*** 0.72%**
[1.96, 2.78] [2.09, 2.89] [1.08, 1.80] [1.01, 1.42] [2.59, 3.22] [0.59, 0.75] [0.61, 0.84]
Demographics
Age 0.98*** 0.99** 0.97*** 0.99*** 1.01%%* 1.00 0.99***
[0.97, 0.98] [0.98, 1.00] [0.96, 0.98] [0.98, 1.00] [1.00, 1.01] [1.00, 1.00] [0.99, 1.00]
Temporal Effect
COVID Period 0.36%** 0.06%** 0.12%** 0.24%%* 0.87 0.14%** 0.2 %**
[0.30, 0.44] [0.05, 0.07] [0.10, 0.15] [0.20, 0.28] [0.74, 1.02] [0.13, 0.16] [0.18, 0.23]

Note. OR = Odds Ratio; Cl = Confidence Interval. Reference category: White Male. Intersectional groups: White Male (reference), White
Female, Black Female, Black Male, Latine (all sexes combined), API (all sexes combined). Control variables: Charge type (Felony reference),
Age, COVID period (Pre-COVID reference). Excluded: AIAN (n = 63, 0.3%), Outstanding Warrant (separation), Criminal History (separation).

*p <.05. **p < .01. ***p <.001.



Discussion

In San Francisco, we examined racial and ethnic disparities at four key criminal legal
decision points: 1) pretrial decision, 2) diversion, 3) case disposition, and 4) sentencing. We
analyzed disparities within each decision point, as well as across all decision points in an
analysis of eight pathways through the criminal legal system to determine the likelihood of
receiving the most versus least punitive outcome of process through the criminal legal
system.

In the pathway analysis, we found that what appears as equity at later points vis-a-vis lower
conviction rates for Black defendants often masks earlier inequitable filtering. While San
Francisco exhibited moderate disparities across multiple points of the system, these
disparities compounded throughout the pathway to produce the most restrictive outcomes
for over 40% of individuals. Small disparities at the front end of the system don't simply
add to disparities at later points—they multiply, creating qualitatively different pathways
through the system that ultimately produce dramatically divergent outcomes even when
any single decision point shows modest differences.

Recommendations:

Recommendation 1: Evaluate pretrial practices to examine disparities among individuals
with longer pretrial detention periods.

Length of pretrial detention appeared as one of the largest points of disparity between
Black and white individuals. San Francisco should review pretrial practices by most
frequent case types to determine potential practical causes for disparities and add them as
an area of focus for the jail population review team. This could enable the jail population
review to identify additional individals who are appropriate for release and reduce the
number of people in jail.

Recommendation 2: Examine prosecutorial charging practices and evidentiary
standards to determine disparities in filing charges among individuals who were
arrested and had a custodial booking.

In the pathway analysis, many individuals who appeared as having a custodial booking in
the jail dataset did not proceed to the court dataset. San Francisco should do additional
assessment with the prosecutor’s office to determine whether there are practices that lead
to disparities in those who have declined charges and do not appear in any additional



criminal legal system dataset. This could enable prosecutors to reduce disparities in areas
in which they have discretion.

Recommendation 3: Continue collaboration across agencies to increase data-sharing
and streamline matching on an individual person-level across decision points to
enhance opportunities for data-driven decision-making.

While San Francisco has strong data-sharing practices in place, there is still substantial
opportunity for growth. San Francisco criminal legal system agencies (including law
enforcement, sheriff's office/jail, pretrial, prosecution, judiciary, public defender, diversion
programs, and probation/parole) should create a unique identifier to match individuals
between agencies to better understand their individual pathways and outcomes and to
determine definitively the reason why they do or do not appear in later stages of the
criminal legal system. This can allow for regular audits on disparities and overall outcomes,
as well as create new opportunities for data-driven decision-making.
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Appendix A. Site-Specific Data Quality Considerations
High rates of missing data rendered some variables unusable. Additionally, some agencies
did not provide data for certain years, resulting in analytic gaps.

In this analysis, we see five primary challenges to data quality across sites:

1.1 Lack of unique person-level identifiers

2.! Number of datasets and lack of codebooks

3.! Issues with date cutoffs for datasets aligning with practical case processing timelines
4.! Discrepancies in dataset structure, variables, and values within decision points

5.I Missing data

These issues occurred both between and within decision points. These overall issues
occurred across datasets and are not specific to any one site. In each site’s analytic section,
we provide additional detail as to data quality challenges within that site. These challenges
are detailed in Appendix A.

Lack of Unique Person-Level Identifiers

Across the criminal legal process, different decision points are overseen by distinct
agencies. Those agencies document what occurs within their decision point and create
administrative data. For example, the jail booking process is (typically) overseen by the
county sheriff's office, and the sheriff's office is the entity to collect and record the
administrative data on bookings. Even when booking information is relevant to other
agencies within the criminal legal system, the data typically still belongs to the sheriff's
office and large-scale data sharing is limited. While there has been an increase in data-
sharing between local criminal legal system agencies, particularly among jurisdictions
participating in the Safety and Justice Challenge, longstanding practices still silo data. Now,
even when datasets are shared between agencies, there are often still substantial barriers.

One of the biggest challenges of administrative data sharing within the criminal legal
system is the lack of a unique person-level identifier across the criminal legal system. For
example, one individual may have different unique identification numbers by police
department, sheriff's office/jail, pretrial, public defender, prosecutor, court, and corrections
within one jurisdiction. Therefore, even when data are shared between agencies, the data
may not be particularly useful if there is no way to match individual people across the
different agencies, which therefore does not allow stakeholders and researchers to track
individuals and their cases across the criminal legal system process. Even when there is a
unique person identifier across the criminal legal system, a single individual who appears
within the system multiple times (e.g., has multiple bookings or cases within the analytic
time period) may not have case, booking, or charge information available across the
system, which necessitates matching on other variables that are less accurate (such as date
approximation). These issues are particularly problematic in New Orleans and Pima
County.



Opportunities for Enhanced Data Documentation

In this analysis, we first examined the data quality within each decision point within each
site. Sites participated in the Safety and Justice Challenge for approximately seven years,
and participation required cooperation and partnership between agencies across the
criminal legal system. As discussed above, this meant that many different data owners
were involved in sharing a great deal of administrative data.

For this analysis, ISLG shared a total of 580 datasets: 267 datasets for Pima County, 221 for
New Orleans, and 92 for San Francisco. The vast majority of these datasets were not
prepared for analysis in their current form, and many of the datasets were disregarded as
not containing relevant or usable information. Unfortunately, there were no traditional
codebooks accompanying any of these datasets. While we did receive a spreadsheet
identifying the files we were sent by name and the variable names each dataset contained,
there was no indication as to what these variables substantively meant, what their
corresponding values or frequencies were, when they were utilized and by whom under
what conditions, variation in variables between years (for analysis and substantive policy
interpretation), or assistance in interpreting inconsistent or illogical variables. Without this
information, it was unclear whether the datasets were matchable. Despite the plethora of
different ID variables in each dataset, researchers could not determine which variables
matched between what datasets consistently. Without a codebook, researchers also did
not know what ID variables substantively referred to in terms of the criminal legal system
process and could not use that to investigate potential matches in a targeted way. Even
after processing by an intermediary research partner, ID variables were not named in a
consistent or meaningful way that was interpretable by secondary researchers. For
example, within one decision point in one site, researchers had to determine which unique
case ID number without any documentation to use among the following: caseid, case_no,
c_caseno, Case, caseid_supervision, and Case_caseid. Matching to other datasets in other
decision points, which often did not contain any variables of the same variable names, no
identifiable matching information, and a wealth missing data, was not feasible.

The sheer number of datasets also made approaching the analysis far more difficult, as in
many cases we were unable to ascertain what each dataset contained in a meaningful way
before reviewing them individually ourselves. Without a codebook, we also could not tell
what variables were actually usable, leading to us testing many variables with variable
names that sounded like potential control or dependent variables only to find that they had
excessively high missing rates (e.g., field not filled out), did not contain usable information
(e.g., all observations had the same value), or were erroneous (e.g., all dates are in or prior
to the year 1900). Additionally, we periodically had to return to staff at the site to
understand how to interpret some of the values entered throughout the dataset.

One of our main analytic challenges with data quality was determining which of these
datasets were reviewed, prepared, and usable prior to us receiving them. The scope of this
issue varied between sites. For example, it was clear which San Francisco datasets were
prepared for research use, even if some datasets that were not prepared were included in



the data transfer. However, in other sites, it was hard to even determine which datasets to
use without individual review which, with over 450 files, was a laborious process. Having a
codebook would streamline this issue.

Timing Gaps in Dataset Coverage

Building upon the above issues, we typically received datasets as discrete years. For
example, we would receive the following as three distinct, unmerged datasets: Pima County
- Justice Court Case Event - Baseline; Pima County - Justice Court Case Event - Year 1; Pima
County - Justice Court Case Event - Year 2. However, with datasets extracted in this way,
cases that extended across multiple years were often duplicated in inconsistent formats
(explained in greater detail below). For example, a case that was filed in 2018 and had a
disposition in 2019 would appear in both datasets, with disposition data only in the 2019
dataset. However, because dataset structure varied between years, even within the same
agency in the same decision point, it was challenging to determine whether observations
were being erroneously duplicated. When we received datasets that were already
structured to include multiple years (e.g., Baseline to Year 2), we could avoid these
duplication concerns, and we could be confident that the data structure did not change
between years.

Structural Inconsistencies Across Decision Points

As mentioned above, dataset structure often varied between years, even within the same
agency in the same decision point. Sometimes, datasets contained different variables
between different years, even if we received them together and with parallel file names.
There were also differences in how variables were named, ranging from minor spelling
differences to completely different names. Without a codebook, it was difficult to
determine if variables that were named differently between years but seemed to have
consistent values and refer to the same item could be collapsed. Variables could also be
stored in different formats, often differing between numeric and string variables, which is a
common issue among administrative datasets but posed additional concerns within the
broader context of inconsistencies between datasets. Values and value labels were also
sometimes formatted differently between years (such as differences in capitalization,
abbreviations, or adding new response options), even if the variable names were the same,
which posed challenges in running descriptives and recoding.

Missing Data Considerations

Missing data is a widespread issue across administrative data, and it posed a challenge to
data quality in this study as well. There were fields with excessively high missing rates,
whether as a matter of practice or an export issue, that rendered the variables unusable.
There were also years of data from some agencies that were never sent to ISLG or JSP,
which led to some gaps in our analyses.



The dataset for the San Francisco analysis includes several key limitations. While we had a
unique identifier for each person, we did not have a clean identifier between each
person:booking to each person:case combination. The jail dataset did not include a case ID,
and the court and prosecutor datasets did not include booking IDs. In conversation with
ISLG, we relied on examining whether the filing date in the prosecutor’s dataset was within
seven days of the booking date in the jail dataset or whether the arrest date in the
prosecutor’'s dataset was equal to the booking date in the jail dataset. However, this
analysis proved that there were many situations in which we only had data for an
individual:[booking or case] in one of the datasets, but the missing did not appear to reflect
the actuality of the booking and case filing process. For example, one individual appeared
in the dataset with four unique bookings and two unique cases, but only one booking:case
combination aligned by the date matching rule defined above in conjunction with ISLG. The
other three bookings did not align with any case, and the one case did not align with any
booking. While it is possible that at least one booking reflected a rebooking associated with
a prior case, without case information it is difficult to determine, and regardless due to the
sequential nature of cumulative disparities, we only look at the initial booking/filing
associated with the case.

This limitation created difficulty in determining if someone who only appeared in the court
dataset (but was not in the jail dataset) had legitimately been issued a citation and not
been booked into jail, or if they were booked into jail and were erroneously missing from
the jail dataset. Similarly, we were unable to determine whether individuals who only
appeared in the jail dataset (but not the court dataset) did so because their case was
ultimately not filed, or because their case was erroneously missing from the court dataset.
JSP did not receive law enforcement data other than that from then the Sheriff's Office.
Therefore, we were only able to match individuals who appeared in both datasets. In doing
so, we unfortunately were unable to conduct a meaningful analysis of individuals who
legitimately appeared in only one of the datasets.

By limiting the analysis to those who match between both datasets, we can conduct
analyses that have meaningful results despite missing data. However, this limitation also
means that we likely conducted an analysis of individuals who, on average, committed
more severe offenses. Cases with lower-level charges are, conceptually, less likely to be
booked into jail pretrial and more likely to be cited and released than those with more
serious offenses. Similarly, the prosecutor’s office may be less inclined to file charges on
nonviolent, low-level cases that could instead be referred to key services and offered
wraparound services, particularly if they are invoking SJC policies towards jail population
reduction.

We were also limited in our analysis by a lack of a codebook and errors in data processing,
which is not atypical in raw administrative data. However, due to site communication with
other organizations, we were limited in what requests for clarification we could pose for
sites. One key example of this is defining sentencing outcomes. San Francisco data does



not include a value that clearly refers to probation without a sentence of incarceration; it
appears in the dataset that over 99% of cases result in some period of incarceration as part
of their sentence, which functionally cannot be accurate. We were able to resolve the
interpretation of this outcome with the site; however, the lack of a codebook prohibited
easy resolution to these questions for even key variables. Unfortunately, as discussed
throughout this report, this issue occurs across all sites.



Appendix B. Supplemental Analytic Table

PHINIC()* 4%, -% - +/0*"" 86" . %2@+="/ . [+2{""*5IA%BID, 0 ; E-i/*IA"*IF,""* . /- . Ol70,{Gi<""+=>""2{1 *""$2-/-{}

{

Released + . Released + Detained + . Detained +
. Released + Released + Not . Detained + . . Detained + Not )
Intersectional Group ) ) Convicted (No ) Convicted + Convicted (No ) Convicted +
Diverted Convicted ) Diverted ) Convicted
Incarceration) Incarcerated Incarceration) Incarcerated
White Female 46 (6.1%) 51 (6.8%) 23 (3.1%) 113 (15.1%) 47 (6.3%) 57 (7.6%) 264 (35.2%) 149 (19.9%)
) 1469 1077
White Male 156 (3.7%) 220 (5.3%) 97 (2.3%) 503(12.1%) 248 (5.9%) 400 (9.6%)
(35.2%) (25.8%)
Black Female 52 (4.6%) 77 (6.8%) 19 (1.7%) 176 (15.6%) 43 (3.8%) 117 (10.4%) 403 (35.8%) 238 (21.2%)
2185 1479
Black Male 140 (2.6%) 224 (4.1%) 94 (1.7%) 548 (10.1%) 196 (3.6%) 542 (10.0%)
(40.4%) (27.3%)
Latine Female 53 (8.7%) 54 (8.9%) 7 (1.2%) 109 (17.9%) 40 (6.6%) 38 (6.2%) 221 (36.3%) 86 (14.1%)

Latine Male

APl Female

APl Male

AIAN Female

AIAN Male

207 (4.1%)

24 (12.1%)
50 (4.6%)
0 (0.0%)

4 (8.2%)

372 (7.3%)

9 (4.5%)
61 (5.6%)
0 (0.0%)

2 (4.1%)

115 (2.3%)

2 (1.0%)
28 (2.6%)
1(10.0%)

0 (0.0%)

531 (10.5%)

39 (19.6%)
142 (13.0%)
3 (30.0%)

6 (12.2%)

263 (5.2%)

18 (9.0%)
79 (7.2%)
0 (0.0%)

3(6.1%)

515 (10.1%)

12 (6.0%)
107 (9.8%)
1(10.0%)

4 (8.2%)

2116
(41.7%)

69 (34.7%)
398 (36.5%)
3 (30.0%)

26 (53.1%)

960 (18.9%)

26 (13.1%)
225 (20.6%)
2 (20.0%)

4 (8.2%)

Note. N = Number of cases; % = Percentage within each race/ethnicity and sex group. Pathways ordered from least to most restrictive. Data represent
complete cases with valid pathway information from San Francisco adult criminal justice system.
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